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Abstract 
The objective of this research is to analyze the impact of investor sentiment-based 
equity mutual fund on excess returns and volatility in Indonesia Stock Exchange (IDX) from 
January 2011 to December 2014. Stationarity test of Augmented Dickey-Fuller is used as 
basic test for a non-stationarity of each variable used, the mean model developed by 
Autoregressive Moving Average (ARMA) model with using Least Square method will result 
of mean model will be used to get the residual value to examine the homogeneity of residual 
variability, and to check there is non-homogeneity variance of mean model through time 
series plot of the residual data, the researcher will use ARCH-Effect Test. The final step is 
GARCH (1,1) Model Test to indicate the behavior of time series data has inconstant residual 
variance from time to time and contaminated by heterokedasticity because there are error 
variance that depend on previous error volatility. The result of GARCH (1,1)  conclude that 
the data used the measure excess returns significantly contains ARCH and GARCH elements. 
Higher volatility in the markets does seem to have a positive effect on the returns since there 
is significant proof of positive volatility feedback which is for excess return. It is observed 
that there is a strong relationship between investor sentiment and market returns. This result 
is according to the probability value RESID(-1)^2 and GARCH(-1) are less than 5%, which 
are the probability value of RESID(-1)^2 and GARCH(-1) as much as 0.0000. 
Keywords: Equity mutual fund, excess return, GARCH Test. 
 
 
 
 
 
 
INTRODUCTION 
The development of capital market in addition to increasing the source of funding 
outside the banking community is also a potential funding for companies that need funds over 
the medium and long-term, while for the community the precense of capital market as an 
additional alternative for investing. Capital market in Indonesia run two function 
simultaneously, namely the economic function and finance function. Performing economic 
function with allocated the fund efficiently from parties who have excess funds (investors) to 
the company listed in the capital market (issuer). Whereas the finance function of capital 
market is presented by the possibility and opportunity of getting returns for investors in 
accordance with the character of investments that will be selected.  
As one of the instruments of the economy, the stock market always affected by 
several events on its environment, such as events that occur due to macroeconomic policy, 
monetary policy, fiscal policy, and government regulation both in real and financial sector. 
The Indonesian Stock Exchange (IDX) witnessed solid growth over the past five years, both 
in terms of the number of issuers and their combined market capitalization, but it remains 
highly dependent on global sentiment. Its future performance will hinge on global risk 
appetite, but also on economic adjustments and fiscal policies at home. According to Global 
Business Guide Indonesia (2015), IDX listed 459 companies with a total capitalization of 
$414 billion (4,126.99 trillion IDR) at the end of 2012, up from 396 listings valued at $108 
billion (1,076.49 trillion IDR) four years earlier. The investment grade ratings bestowed on 
Indonesian sovereign debt by rating agencies Fitch and Moody’s in late 2011 and early 2012 
supported market sentiment. Reflecting overall healthy earnings and strong economic growth, 
IDX’s key gauge, the Jakarta Composite Index (JCI), more than tripled in the years 2009 
through 2012 and continued to rally in early 2013. 
Global investment companies, therefore, are reassessing opportunities to manage 
Indonesians' growing wealth. While unfavourable regulations have been cited as one of the 
reasons for the cautious approach foreign fund operators have been taking on the Indonesian 
market so far, the long-term potential appears to be immense amid rising demand from 
individual and institutional investors. 
One type of mutual fund is a equity mutual fund. Equity funds are mutual funds that 
at least 80% of the portfolio is managed in stock (usually stock companies). Equity funds 
generally provide the potential for higher returns in the form of capital gains (the difference 
between buying and selling price) through the growth of stock prices and dividends. Equity 
funds typically usually have considerable potential for big returns can be up to 20% a year 
and has a large potential risks. 
Investor sentiment can be defined as a belief about future cash flows and investment 
risks that is not warranted by fundamentals (Beer and Zouaoui, 2013). In recent years, the 
usefulness of investor sentiment measures to predict stock market returns has been the subject 
of frequent inquiries. A considerable number of empirical investigation utilizing different 
measures of investment sentiment have been conducted. While theoretical models have early 
 
 
incorporated the existence of noise traders into equilibrium asset pricing (e.g., Black, 1986 
and De Long et al., 1990), the empirical evidence for a correct proxy to quantify sentiment 
has not provided clear findings. 
Source: Otoritas Jasa Keuangan, 2015 
Figure 1.2. Monthly NAV of Equity Mutual Fund 
Period January 2011-2014 (in million) 
 
At the year of 2011, there was arguably full-year turbulence in stock investments. 
Ranging from the price of oil in the Middle East, the U.S. rating up to economic development 
and European debt became a major factor of uncertainty. As a result a surge or decline in the 
share price of 3-4% in a day seems to be the usual views. Stock investors ' reaction also 
varies, there is a fixed buy and hold, there is also a cut loss while looking at the situation. 
This condition causes some investors are using stock mutual funds as a tool for seeking short-
term profits. That means even though mutual funds are designed as a long-term instrument, 
but when the market goes down many investors will make an investment and then sell it 
when the market rises despite not too long ago purchased. This lesson makes investors 
assume when there is a downturn; it is the right time to make a purchase. It can implicate that 
investors still has beliefs with Indonesia condition that occur in increasing of mutual fund can 
affect to the development of Indonesia Capital Market. 
 
LITERATURE REVIEW 
Investor Sentiment 
Investor sentiment is defined as an aggregate measure of investors’ attitude toward 
market conditions and is generally categorized as bullish, bearish or neutral. The literature on 
investor sentiment generally examines investors’ perceptions and effect on the market 
independent of risk considerations. Often nested within literature discussing the effects of 
“noise traders” or irrational investors, investor sentiment studies generally either supports of 
refute whether non risk related measures have the ability to change some fundamental aspect 
of a security such as price. 
Measurement of Sentiment Indicator 
Several financial variables have been used to measure investor sentiment. Brown and Cliff 
(2004, 2005) for example, scrutinize various presumed indirect and direct indicators. For 
direct indicators, Lee et al. (2002) use the sentiment index provided by Investors’ Intelligence 
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of New Rochelle in New York as a proxy for investor sentiment. Investors’ Intelligence takes 
a poll of 135 investments advisory service every week and produces there numbers – bullish, 
bearish, and correction. Indirect sentiment indicators are determined by looking at objective 
variables that implicitly indicate investor sentiment. Although the theoretical link to investor 
is weaker, they circumvent the lack sample size and statistical representativeness (which and 
how many subject participate in surveys) of the direct measurement. In addition, measure of 
indirect sentiment can often be obtained at higher (e.g. daily) frequencies. 
Equity Mutual Fund 
According to Infovesta (Infovesta.co.id, 2015) and Investopedia (Investopedia.com, 
2015), A stock fund or equity fund is a fund that invests in stocks, also called equity 
securities. Equity funds can be contrasted with bond funds and money funds. Fund assets are 
typically mainly in stock, with some amount of cash, this is generally quite small, as opposed 
to bonds, notes, or other securities. This may be a mutual fund or exchange-traded fund. The 
objective of an equity fund is long-term growth through capital gains, although historically 
dividends have also been an important source of total return. Specific equity funds may focus 
on a certain sector of the market or may be geared toward a certain level of risk. 
Net Asset Value (NAV) 
Chay andnTrzcinka (1999) explore the possibility that discounts reflect the rational 
pricing of future expected NAV performance. For a sample of 94 stock funds in the U.S. 
market up to December 1993, and in contrast to previous research, they find a significant and 
positive correlation between the premium and subsequent NAV returns at horizons up to a 
year. They find no such correlation in a sample of 22 bond funds. They conclude that 
discounts on stock funds incorporate perceptions of managers’ abilities, which under rational 
expectations would emerge in future NAV returns. 
 
                        
Where: 
    = Return of Equity Mutual Fund 
      = Net Asset Value present time 
       = Net Asset Value previous time 
Excess Return 
Excess return is the rate of return that exceeds what was expected or predicted by 
models like the capital asset pricing model (CAPM). To understand how it works, consider 
the CAPM formula (Investopedia, 2015): 
r   =   Rf  + beta * (Rm - Rf )   +   excess return 
Where: 
r  = the security's or portfolio's return 
Rf  = the risk-free rate of return 
eta  = the security's or portfolio's price volatility relative to the overall market 
Rm  = the market return 
Volatility 
In this research, the researcher uses GARCH model to evaluate the volatility of equity 
mutual fund against excess stock return from Indonesia Stock Exchange (IDX). The GARCH 
predictions of volatility usually (approximately 50% of the time on monthly frequency) lie 
 
 
within the confidence intervals of proxy of actual volatility implying that GARCH models are 
not wholly inadequate measures of actual volatility. 
RESEARCH METHODOLOGY 
The data that used in this research is secondary data; it means that the data gathered 
from another party which did not directly obtain from the subject of the observation. The 
method that will be used in the data gathering is library research by reading some books and 
journals in order to deeper knowledge about the problems related to the research topic. Other 
sources of information to support theoretical review are also accessed and compiled from the 
Internet. The following lists stated the source of the secondary data used in this research: 
a. The weekly return Net Asset Value on Equity Mutual Fund  
b. The weekly data of market index Jakarta Composite Index (JCI)  
c. The data of SBI to proxy the risk-free rate interest rate  
Method Analysis 
a. Excess Return of Jakarta Composite Index (JCI) 
In this research, the formula to calculate the excess return is as follows (Chuang 
et al., 2010): 
         …………………………………………........................(1) 
Where: 
ER  = Excess Return 
   = Market Return 
    = The Risk-free rate 
b. Market Return of Jakarta Composite Index (JCI) 
The weekly return on JCI can be obtained by calculating the value of natural 
logarithm (ln) from the ending weekly of market index with this formula 
(Chuang et al., 2010): 
     [
   
     
]…………………………………………………..............…(2) 
Where: 
    = Market return 
     = Ending weekly market index at time t 
      = Ending weekly market index at time t-1 
c. Investor Sentiment-Based Equity Fund (Net Asset Value/NAV) 
The research uses return of Net Asset Value (NAV) from equity fund to be the 
measurement of investor sentiment. The formula is as follows (Samsul, 2006): 
                       …………………………...........………..…(3) 
Where: 
    = Return of Equity Mutual Fund 
      = Net Asset Value present time 
       = Net Asset Value previous time 
d. The Model of the Research 
This research modifies the model proposed by Lee et al. (2002). The model 
specification is as follows: 
 
 
 
 
                ...............................................................................(4) 
Where:  
    = The weekly return on Jakarta Composite Index (JCI) 
     = The risk-free rate 
       = the excess return 
    = the weekly return on Net Asset Value (NAV) 
Empirical Procedure and Hypothesis 
a. Determine the hypothesis in this research of study 
 The hypothesis raised in this research is as follows: 
Ho = The investor sentiment-based equity mutual fund does not affect the excess 
return and volatility in Indonesia Stock Exchange (IDX) from the period 
January 2011 to December 2014. 
Ha = The investor sentiment-based equity mutual fund affects the excess return 
and volatility in Indonesia Stock Exchange (IDX) from the period January 
2011 to December 2014. 
b. Determine the significant level of alpha (α) 
 This research study is using significant level of 5% (α=5%) 
c. Data Behavioral Test 
a. Stationary Test 
Stationary test conducted to determine whether OLS method can be used, because 
one of requirements of using OLS method for time series data is that data must be 
stationary (Gujarati, 2003). Time series data is called stationary if the mean and 
variance of the data are constant over time and the value of covariance between 
two periods only depends on the lag between those two time periods, rather than 
relying on real time when counted covariance (Sugiri, 2000). This research will 
use Unit Root Test to see the stationary of data. Degree of integration test will be 
used if the data is not yet stationary at the degree level (zero). 
1) Unit Root Test 
Unit root test is needed to see whether the data used is stationary (non-
stochastic) or not stationary (stochastic). Stationary data is time series data 
that do not contain unit roots, and vice versa. 
Dickey-Fuller developed unit root test with entering autocorrelation 
elements in the model that is known as Augmented Dickey-Fuller (ADF) 
test. In practice, Augmented Dickey-Fuller (ADF) test is often used to 
detect whether the data is stationary or not. The formula of ADF test is as 
follows (Widarjono, 2005): 
                 ∑             
 
    ....................(5) 
The procedure to determine whether the data stationary or not is performed 
by comparing the ADF statistic value with MacKinnon critical values. ADF 
statistic value will be indicated by t statistic value of coefficient      . If 
the absolute value of ADF statistic is greater that the critical value, then the 
data is stationary and if the absolute value of the ADF statistic is less than 
critical value, so the data is not stationary. 
 
 
d. Mean Model Analysis 
Every model with a variance that is not homogenous is composed by two 
components, namely the mean model and variance model. The mean model is 
prepared based on early identification. The form of the mean model can be a 
regression model, autoregressive model (AR), ARMA, model, constant, and etc. 
Variance model stated the relationship between error variance at time t with 
the large of error square at the previous time and variance error at the previous time. 
If the variance model only entering error square it is known as ARCH model. But, if 
the variance model also include error variance of the previous time, referred as 
GARCH model. 
In this research, the mean model developed by Autoregressive Moving 
Average (ARMA) model with using Least Square method. The result of mean model 
will be used to get the residual value to examine the homogeneity of residual 
variability.  
e. Residual Evaluation of the Mean Model 
After the mean model is determined, the next step is to check whether there is non-
homogeneity variance of mean model through time series plot of the residual data. 
a. ARCH Effect Test 
To examine the ARCH effect in the model, Engle developed the test to examine 
heterokedasticity problems in time series data. This test is known as langrange 
multiplier test or ARCH LM test. The basic idea of this test is the residual 
variance (σ2t) not only the function of independent variable, but also depends on 
Residual Square of the previous period (σ2t-1) or can be written as follows 
(Widarjono, 2005): 
  
           
        
        
           
 .................................(6) 
Manually, if the probability value of Obs*R
2
 is less that the significant value 
(5%), so it means that the model contains of ARCH effect. If there are ARCH 
effects in the model, so the estimation performed by ARCH/GARCH model. 
f. GARCH (1.1) Model Test 
In the research that using time series data, especially for financial market fields, 
usually the data has a high level of volatility and showed by the phase where the 
fluctuations always change quickly. The volatility data condition indicates that the 
behavior of time series data has inconstant residual variance from time to time and 
contaminated by heterokedasticity because there are error variance that depend on 
previous error volatility. But sometimes, error variance is not always depending on 
the independent variables, but also that variance will change with the time 
simultaneously. So, it requires a model to handle volatility data in the research model. 
One of the model is ARCH/GARCH model that developed by Engle (1982) and 
Bollerslev (1986). Engle was the first person that analyzed the heterokedasticity 
problems from the residual variance of time series data. According to Engle, the 
model that assumes the residual variance is not constant in the time series called 
autoregressive conditional heterokedasticity (ARCH)  
              
 
 
  
           
        
        
           
 ..........................................(7) 
Then the ARCH model by Engle was completed by Bollerslev (1986). According to 
Bollerslev, error term variance is not just depending on error term in previous period, 
but also error term variance in previous period. This model known as generalized 
autoregressive conditional heterokedasticity (GARCH). In general the equalization of 
GARCH model with GARCH (p,q) is as follows (Widarjono, 2005): 
              
  
           
          
        
          
 ...........................(8) 
In the model, p indicates the element of ARCH, and q indicates the element of 
GARCH. As ARCH model, GARCH model also cannot be estimated with OLS, but 
with the maximum likelihood (MLE) method. 
After LM test performed the next step is GARCH analysis of the data with performing 
analysis to estimate parameter of the mean model and variance model simultaneously. 
The next step is determined GARCH with ordo p=1 and q=1 (GARCH 1.1) and 
examine whether this model can lead to the conclusion that these parameters are 
significant at the significant level less that 5% 
Null hypothesis (Ho) on GARCH (1.1) model stated that the residual variance is 
constant, or in other words, the residual variance is not affect by residual on previous 
period (ARCH elements) and residual variance on previous period (GARCH 
elements). If the result of GARCH 1.1 model test is Ho is not supported, it means that 
the model contains GARCH. 
DATA ANALYSIS 
Table 4.1 
Descriptive Analysis of Return of Equity Mutual Fund and Excess Return 
 
 REMF ER 
 Mean  0.002672  0.057220 
 Median  0.003490  0.057440 
 Maximum  0.325495  0.169401 
 Minimum -0.244289 -0.015850 
 Std. Dev.  0.047547  0.026292 
 Skewness  1.515916  0.378494 
 Kurtosis  27.57642  4.741110 
   
 Jarque-Bera  5212.136  30.63821 
 Probability  0.000000  0.000000 
   
 Sum  0.545025  11.67295 
 Sum Sq. Dev.  0.458933  0.140326 
   
 Observations  204  204 
     Source: Appendix A 
 
 
 
Table 4.2 
The Result of ADF Test on Excess Return 
 
     
        t-Statistic   Prob.* 
     
     Augmented Dickey-Fuller test statistic -7.692067  0.0000 
Test critical values: 1% level  -3.462737  
 5% level  -2.875680  
 10% level  -2.574385  
     
     *MacKinnon (1996) one-sided p-values. 
(*) significant at 5% level 
Source: Appendix B  
 
Table 4.3 
The Result of ADF Test on Sentiment Proxy 
 
     
        t-Statistic   Prob.* 
     
     Augmented Dickey-Fuller test statistic -24.18183  0.0000 
Test critical values: 1% level  -3.462574  
 5% level  -2.875608  
 10% level  -2.574346  
     
     *MacKinnon (1996) one-sided p-values. 
(*) significant at 5% level 
Source: Appendix C  
 
Table 4.4 
The Result of Mean Model Analysis 
 
     
     Variable Coefficient Std. Error t-Statistic Prob.   
     
     C 0.057604 0.001795 32.09440 0.0000 
REMF -0.152024 0.043302 -3.510763 0.0006 
     
          
         Source: Appendix D 
 
 
 
 
Source: Appendix E 
Figure 4.1 
Time Series Residual Plot Data 
 
Table 4.5 
ARCH LM Test 
 
 
Heteroskedasticity Test: ARCH   
     
     F-statistic 0.633380    Prob. F(1,201) 0.4271 
Obs*R-squared 0.637673    Prob. Chi-Square(1) 0.4246 
     
           Source: Appendix F 
 
Table 4.6 
GARCH (1.1) Model Test 
 
 
     
     Variable Coefficient Std. Error z-Statistic Prob.   
     
     C 0.057482 0.001875 30.65965 0.0000 
REMF -0.135180 0.038907 -3.474436 0.0005 
     
      Variance Equation   
     
     C 8.61E-05 5.52E-05 1.559424 0.1189 
RESID(-1)^2 0.124951 0.061604 2.028297 0.0425 
GARCH(-1) 0.740785 0.123607 5.993073 0.0000 
     
             Source: Appendix G 
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From the descriptive statistic on Table 4.1 shows that during the period of 
investigation which is from January 2011 to December 2014, the mean of return of 
equity mutual fund and excess returns are 0.2672% and 5.7220% which indicates the 
return of equity mutual fund and excess return in Indonesia Stock Exchange has 
positive average during that period. It can be seen in the following Figure 4.1 that the 
pattern of investor sentiment and excess returns movements during January 2011 to 
December 2014 mostly are above zero or on positive average. It reflects that the 
investor in Indonesia Stock Exchange is on bullish sentiment and almost gain excess 
returns during the research period. 
 
Source: Appendix H 
Figure 4.2 
Data Pattern of Return Equity Mutual Fund and Excess Return 
January 2011-December 2014 
 
Before hypothesis testing performed, the data has been tested with data 
behavioral test include stationary test with Augmented Dickey Fuller (ADF) unit roots 
test. The purpose of the stationary test with Augmented Dickey Fuller (ADF) test is to 
make sure that the data used in this research study has been stationary. Based in the 
results of Augmented Dickey Fuller (ADF) test, shows that variable of excess returns 
and sentiment proxy has been stationary in level series. It can be seen from the value of 
ADF test probability is less than critical value of 5%. 
Table 4.4 shows the result of mean model analysis. From the output of mean 
equation, it can be seen that the probability value of sentiment proxy (RMF) is less than 
0.05, it means that the investor sentiment which measured by return of equity mutual 
fund is affecting the excess returns in Indonesia stock market. 
According to Figure 4.1 of time series residual plot data of mean model, it can be 
seen that there is non-homogeneity variance from the residual of mean model or there is 
heterokedasticity problems on the residual variance. It shows that the variables used in 
this research, which are market index and return of equity mutual fund have high 
volatility. 
Based on LM test of the residual, the date contains heterokedasticity. It is shown 
in Table 4.5 of ARCH LM test that the result of LM test on lag 1 shows the probability 
-.3
-.2
-.1
.0
.1
.2
.3
25 50 75 100 125 150 175 200
ER REMF
 
 
value of Obs*R-squared 0.4246 is greater than 0.05, and it shows that there is a 
problem of heterokedasticity. It indicates that the ARCH model is not appropriate 
model for the analysis. 
For GARCH (1.1) model, the probability value RESID(-1)^2 and GARCH(-1) are 
less than 5%, which are the probability value of RESID(-1)^2 and GARCH(-1) as much 
as 0.0000. It means that the data used the measure excess returns significantly contains 
ARCH and GARCH elements. Higher volatility in the markets does seem to have a 
positive effect on the returns since there is significant proof of positive volatility 
feedback which is for excess return. It is observed that there is a strong relationship 
between investor sentiment and market returns. Higher investor sentiment has a 
negative effect on returns putting pressure on the prices because noise traders 
participate more during high sentiment periods. 
It also creates conditional volatility which relates to the notion that noise traders 
increase risk by their own trading and are rewarded for the risk. The effect entails that 
when the variability in noise traders’ belief increases, this increases the volatility of the 
market. So, the equity mutual fund can significantly impact to the volatility of excess 
return.  
a. Hypothesis Testing 
The result of Generalized AutoRegressive Conditional Heterokedasticity 
(GARCH) shows that the residual variance is not constant or not consistent over time. 
This inconsistency also supported by the result of mean model analysis that the 
probability value of  sentiment proxy is greater than 0.05 and it can be concluded that 
Ho is not supported which mean that the investor sentiment which measured by return 
of equity mutual fund is affecting excess return in Indonesia Stock Exchange (IDX) 
during research period. From the Table 4.6, both coefficient of C and RESID(-1)^2 are 
positive and providing  “hold more” effect which relates to the hypothesis that noise 
traders hold proportionately more of the risky asset that the sophisticated 
fundamentalists, when bullish on average. Since noise traders bear more of the risk in 
the market, they also expect a higher return. On the other hand when average sentiment 
is bearish, noise traders hold less of the risky asset and therefore require a lower 
expected return. If this hypothesis holds, the researcher expects to see a positive 
relationship between excess return and investor sentiment.  
In this research, the researcher found investor sentiment-based on equity 
mutual fund has significant impact to volatility. The volatility can be checked in the 
Table 4.6 which conclude positive coefficient. The result also conclude that the 
coefficient of GARCH(-1) is positive for conditional volatility. That provides the 
“create space” effect, relates to the notion that noise traders increase risk by their own 
trading and are rewarded for the risk. The effect entails that when the variability in 
noise traders’ belief increases, this increases the volatility of the market. This increased 
the variability in noise traders’ beliefs scares away sophisticated traders in the market 
and therefore increases the expected return to the noise traders.  
This result is supported from previous research conducted by Aydogan et al. 
(2014) who stated that there is the impact of equity mutual fund as an indicator for 
investor sentiment toward excess return and volatility. Meanwhile, this result is 
 
 
contrary with previous research conducted by Peng et al. (2006) who found there is no 
impact between equity mutual fund and the excess return and volatility. 
 
CONCLUSION AND RECOMMENDATION 
Conclusions 
From the result of this research study on the impact of sentiment investor-based on equity 
mutual fund on excess return, the conclusions that can be pointed out are as follows: 
1. Investor sentiment-based equity mutual fund and Excess return are stationary in 
level stage because the probability value is lower than 0.05. From the mean model 
analysis, the investor sentiment is affecting excess return and volatility because the 
probability of investor sentiment is less than 0.05. 
2. This result does not support Ho (null hypothesis) where the investor sentiment 
(which is measured by return of equity mutual fund) is not affecting the excess 
return in Indonesia Stock Exchange (IDX), but this research study does support Ha 
(alternative hypothesis) where the investor sentiment affects the excess return in 
IDX. It means return of equity mutual fund can be used as a proxy for investor 
sentiment to gain excess returns. The return of equity mutual fund can provide some 
information about investors’ behavior. 
3. This result provides “hold more” effect which relates to the hypothesis that noise 
traders hold proportionately more of the risky asset that the sophisticated 
fundamentalists, when bullish on average. Since noise traders bear more of the risk 
in the market, they also expect a higher return. On the other hand when average 
sentiment is bearish, noise traders hold less of the risky asset and therefore require a 
lower expected return. This result is also providing the “create space” effect, relates 
to the notion that noise traders increase risk by their own trading and are rewarded 
for the risk. The effect entails that when the variability in noise traders’ belief 
increases, this increases the volatility of the market. 
Research Limitations 
After done with analysis and interpretation, this research study has several limitations, there 
are: 
1. The researcher only use four years as the simple data periode, which is from 2011-
2014. Larger period of time will be better to get better result. 
2. The forecast accuracy might be needed to be improved long-term forecast. 
3. The research only use the simplest model of GARCH, which is GARCH 1.1.  The 
reason a GARCH process is used to model volatility can be addressed by viewing the 
strengths of the model and how this correlates with the behaviors,  assumptions,  and  
characteristics  of  a  time  series  of  financial data.   The  advantages,  which  were  
summarized  before,  will  provide  a model which enable to track volatility evolution. 
A common disadvantage to standard GARCH models exist since they cannot model  
asymmetries  of  the  volatility  with  respect  to  the  sign  of past shocks. Therefore 
they have an effect on the level, but no effect on the sign.  Bad news which is 
identified by a negative sign has the same infuence on the volatility as good news, a 
positive sign if the absolute values are the same. 
 
 
4. There are many indicators outside that can be used as a proxy of investor sentiment. 
This research only used equity mutual fund as the indicator. 
Recommendation 
Several things could be taken as consideration for the next research on related issues. So, the 
suggestions that can be gives based on the result of this research study are: 
1. In this study, the researcher use equity mutual fund as a proxy for investor sentiment. 
For the further research can use another proxy for investor sentiment such as investor 
survey, investor moods, retail investor trades, mutual fund flows, dividend premium, 
close-end fun discount, IPO first-day returns, IPO volume, new equity issues, and 
insider trading. 
2. For the next reseacher, hopefully can adapt another type of GARCH, such as 
EGARCH, ARCH-Mean, or TGARCH. 
3. For the future research, better to use a longer research period, so that the result of the 
research will better reflect the impact of investor sentiment on excess returns. 
Implication for the future research study with similiar topic can be cosidered to the 
limitations in this research which are the additions of other investor sentiment proxy 
or modifications of others variables to be analyzed in the same roof. Another wider 
research is also possible to be conducted by using this research as a benchmark. 
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